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Table 1 Evaluation results

Page domain

Sentence domain SUS

System OO | PL | SP [ ST |

[ EM | LE NAT | SIM |WER

25 + 10" | 23 £ 10" | 30 £ 12
24 £ 9" (24 £9*
22 £9° (21 £9*

ZOOQOMu NUOREWTEHEQ— >

47 £ 9% |46 £ 10* |47 £ 9% |47 £ 10" |47 £ 10* | 47 £ 10" |47 £ 9* || 4.7 £ 0.6 | 4.5 £ 0.8 -
38 £ 10" | 38 £ 10* | 36 £ 11* | 36 £ 12* | 37 £ 11* | 38 £ 11 | 36 £ 11* || 4.0 £ 0.9* | 4.0 £ 0.9* 34
32+10 |31 £10 |34£11 |33£11 |33 +£10"|34+11 |32+10 |[36£09 |3.1£12 35
31 £10 |30 +10 |31 +12 |31 +£12 |31 £11 |33 £11 |31 +10|3.6+£09|3.0£1.1 30
31+£12 [32+£12 |27 £ 13" |27 £ 13" |28 £ 13" |32 £ 12 |28 £ 12* ||3.5 £ 1.0 |3.9 £ 0.9* 38*
31+11 |31 +£10 |31 £11 |32£12 |32+ 11 [34+11 |30+10 ||34+£1.0 |3.6+£1.0" 38*

27 £ 11 | 27 £ 11% | 25 £ 12 | 26 £ 12* | 27 £ 12* | 30 £ 11* | 25 £ 11*
26 £ 10* | 25 £ 10* | 24 £ 11* |27 £ 11* | 26 £+ 11* | 26 £+ 11* | 25 £ 10*
26 £ 10" | 27 £ 10" | 26 £ 12* | 25 £ 12" | 26 £ 11* | 28 £ 11* | 25 £ 10*
25 £ 10* | 26 £ 10* | 23 £ 11* | 23 £ 12* | 24 £+ 11* | 28 £ 11* | 23 £ 10*
28 +12* 126 £ 117 |24 £ 11* | 26 £+ 10*
25 £ 117 |25 £ 11* | 23 £ 10* | 21 + 10* | 24 £ 9*

24 £ 11*% |23 £ 11* | 22 £ 10* | 20 £ 11* | 22 £+ 10*
21 £ 10" |22 £ 10" |24 £ 11" |24 £ 11" | 24 £ 11" | 25 £ 11* | 21 £ 10*
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