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"I'm king of the jungle," roared Lion.  characterd

"I'm going to eat you all up.” Character2
"No!" cried the jungle animals. Descriptive part
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Training corpus for TTS system
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Training corpus for TTS system
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WaveNet-based vocoder
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Naturalness Similarity Intelligibility

MOS | ID MOS | ID WER | ID
4.8 A 4.5 A 11 |
4.0 K 3.9 K 14 | E,O
3.7 J 3.6 J 15 | D,G
3.5 I 3.5 I 16 K
3.0 | L, M 3.4 L 17 N
2.9 B 3.2 B 18 J
2.8 D 3.0 M 20 F
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Overall impression
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